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Compositional variation of the human fecal 
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Abstract 

Background:  Through an arsenal of microbial enzymes, the gut microbiota considerably contributes to human 
metabolic processes, affecting nutrients, drugs, and environmental poisons. Azoreductases are a predominant group 
of microbiota-derived enzymes involved in xenobiotic metabolism and drug activation, but little is known about how 
compositional changes in the gut microbiota correlate with its azo-reducing activity.

Results:  To this end, we used high-throughput 16S rRNA amplicon sequencing, with Illumina MiSeq, to determine 
the microbial community composition of stool samples from 16 adults with different azo-reducing activity. High azo-
reducing activity positively correlated with the relative abundance of phylum Firmicutes (especially genera Streptococ-
cus and Coprococcus) but negatively with phylum Bacteroidetes (especially genus Bacteroides). Typical variations in the 
Firmicutes-to-Bacteroidetes and Prevotella-to-Bacteroides ratios were observed among samples. Multivariate analysis 
of the relative abundance of key microbial taxa and other diversity parameters confirmed the Firmicutes proportion 
as a major variable differentiating high and non-azo-reducers, while Bacteroidetes relative abundance was correlated 
with azo-reduction, sex, and BMI.

Conclusions:  This pilot study showed that stool samples with higher azo-reducing activity were enriched in Firmi‑
cutes but with relatively fewer Bacteroidetes. More samples and studies from different geographical areas are needed 
to bolster this conclusion. Better characterization of different azoreductase-producing gut microbes will increase our 
knowledge about the fate and differential human responses to azodye-containing drugs or orally consumed chemi‑
cals, thus contributing to efforts towards implementing microbiome testing in precision medicine and toxicology.
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Background
The human gastrointestinal tract is a large interface 
between the host, environmental factors, and antigens 
in the human body. The gut microbiota represents ten 
times the number of nucleated human cells and harbors 
two orders of magnitude more genomic content than the 
human genome [1]. Members of the gut microbiota form 

a complex, mutually beneficial relationship, which sub-
stantially contributes to human metabolic processes via 
their extended gene pool and their encoded enzymes [2, 
3]. Among the most predominant enzymes expressed by 
several members of the human gut microbiota are azore-
ductases, which catalyze the reduction of azo-bonds, 
activating pharmaceutical dosage forms or degrading 
food additives [4–7].

Among azo compounds whose reduction is largely 
mediated by the gut microbiota are (i) azo-antibacte-
rial pro-drugs based on sulfanilamide (e.g., prontosil 
and neoprontosil), (ii) a range of 5-aminosalicylic acid 
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pro-drugs used in the treatment of ulcerative colitis and 
inflammatory bowel conditions [8, 9], and (iii) drug-
delivery systems that target the colon depending on the 
azoreductase enzymes produced by the large intestinal 
microbiota [6]. Thus, the metabolism and bioavailabil-
ity of such drugs are largely affected by the azo-reduc-
ing capability of the gut microbiota, and compositional 
changes in the gut microbial community lead to differen-
tial human responses toward these drugs. Personalized 
therapeutics, classically based on an individual’s genet-
ics, is being expanded to the association between the 
microbiome and bioavailability, treatment outcome, and 
toxicity of a given drug. Pharmacomicrobiomics [5, 10] 
and toxicomicrobiomics [11, 12], as subfields of precision 
medicine, are becoming necessary for developing new 
preventive and therapeutic strategies [13, 14]. One of the 
most attractive enzymes for pharmacomicrobiomic stud-
ies is the group of azoreductases [4, 7].

Several researchers have isolated, purified, and bio-
chemically characterized different azoreductases from 
aerobic and anaerobic microorganisms, some of which 
are members of the human gut microbiota. They identi-
fied their encoding genes, and described their catalytic 
activity, cofactor requirement, and biophysical character-
istics (e.g., [15–21]). However, less attention was given to 
define the relative abundance of azoreductase-producing 
microbes within the human gut and to relate composi-
tional variations in the gut microbiota to their azo-reduc-
ing activity. Accordingly, this study aimed to explore 

the composition of the fecal microbiomes of a group of 
adults with no diagnosed diseases and try to relate their 
microbial community composition to their azo-reducing 
activity.

Results
Total decolorization activity of stool samples
Out of 16 collected stool specimens, six did not show any 
significant reduction in Brilliant Black level during the 
experiment time (up to 10 h), and are classified hereafter 
as the “grade zero” decolorization group. Two other spec-
imens had moderate azo-reducing activity (only caused 
partial decolorization during the 10  h of the experi-
ment), and their decolorization potential was classified 
as low grade or “grade one” (Additional file  1: Figure 
S1). The last eight specimens had higher azo-reducing 
activity (caused complete, or near complete, decolori-
zation within the experiment time) and were assigned 
to a “grade two” category (Table 1 and Additional file 1: 
Figure S1).

Microbiome analysis
High-throughput sequencing of the DNA extracted 
from the 16 stool samples generated 2,579,071 reads 
(mean = 161,012.5 reads per sample). Quality assess-
ment and paired-read-joining resulted in 2,520,799 fil-
tered reads (mean reads per sample = 157,670.50), which 
were used for analysis. Rarefaction curves confirmed a 
reasonable coverage, sufficient to analyze the dominant 

Table 1  Azo-reducing activity of fresh stool samples against 0.06 M Brilliant Black

Samples were assigned to one of three grades (zero, one and two) according to the completeness of dye decolorization, as well as the percent decolorization, at the 
end of the experiment

Sample number Azo-reducing activity grade Time to full decolorization 
(h)

% Decolorization at the end of the 
experiment (10 h) expressed as 
mean (± SD)%

S9 Grade zero (no degradation) > 10 0 (± 1.8)%

S4 > 10 0 (± 0.8)%

S15 > 10 0 (± 1.4)%

S5 > 10 2.7 (± 1.2)%

S12 > 10 8.6 (± 1.1)%

S3 > 10 9.5 (± 2.6)%

S10 Grade one (partial degradation) > 10 35.6 (± 0.77)%

S14 > 10 57.2 (± 0.55)%

S2 Grade two (complete degradation) ~ 9.8 ~ 100% (by projection)

S13 9 100%

S1 8–9 100%

S8 7–8 100%

S6 7 100%

S16 7 100%

S11 6–7 100%

S7 5 100%
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members of the bacterial communities and to compare 
between samples, and all samples were rarefied to the 
smallest observed number of reads (121,509).

Microbiome profile and gut microbiome biomarker ratios
At the phylum level, 11 different phyla were identified, 
four of which were the most predominant in all samples: 
Bacteroidetes, with relative abundance ranging from 40.3 
to 66.1% (mean = 50.19%), followed by Firmicutes (rela-
tive abundance range: 29.2 to 54.7%, mean = 41.65%), 
Proteobacteria (relative abundance range: 1.1 to 14.1%, 
mean = 4.87%), and Actinobacteria (relative abundance 
range: 0 to 5.4%, mean = 1.12%). Seven other phyla were 
found in low proportions, while unidentified bacterial 
sequences ranged in relative abundance from 0.005 to 
0.053% (Fig. 1A).

At the genus level, 174 genera were observed, 36 of 
which (representing 88.13% of the total microbial com-
munity) were shared by all samples, and were thus con-
sidered “core genera”. Seventeen genera (representing 
0.007% of the entire community) were unique to one 
sample each (known as singleton genera), while 121 
other genera, present in some but not all samples (non-
core genera) represented 3.95% of the entire commu-
nity (Fig. 1B).

Commonly used gut microbiome biomarkers were 
estimated. The Firmicutes-to-Bacteroidetes ratio 
ranged from 0.45 to 1.3 (mean = 0.87); the Prevotella-
to-Bacteroides ratio ranged from 0.000067 to 1.36 
(mean = 0.15); and the Fusobacterium-to-Bifidobacte-
rium ratio, which was only measurable in six samples 
that had detectable Fusobacterium sequences ranged 
from 0.001 to 0.5 (Table 2).

Fig. 1  Taxonomic summary of the microbial communities detected in the fecal samples at the phylum level (A) and genus level (B). Only the 40 
genera with the highest mean relative abundance, across all samples, are shown
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Compositional variations in relative abundance of key 
taxa and gut microbiome biomarkers in relation 
to azo‑reducing activity
According to the extent of their azo-reducing activity 
(or lack thereof ), the different samples significantly var-
ied in the relative abundance of both Bacteroidetes and 
Firmicutes (Kruskal–Wallis test p-value < 0.05, Fig.  2A). 
As both Firmicutes and Bacteroidetes relative abun-
dances independently had a significant, but recipro-
cal, impact on the observed azoreductase activity, the 

Firmicutes-to-Bacteroidetes ratio was expectedly sig-
nificantly different between grades (Kruskal–Wallis test 
p-value = 0.0161, Fig. 2C).

In addition, the Prevotella-to-Bacteroides ratio con-
siderably varied among samples, with the lowest median 
within ‘grade zero’ samples (ratio = 0.00072 or 1:1394), 
and relatively higher ratios in ‘grade one’ (0.00388 or 
1:258) and ‘grade two’ (0.00706 or 1:142). Despite these 
striking differences (Additional file  1: Figure S2), the 
results did not reach statistical significance owing to 

Table 2  Selected gut microbiome biomarkers among analyzed fecal samples

Prevotella-to-Bacteroides ratio > 1 is double-underlined and Fusobacterium-to-Bifidobacterium ratios > 0 are underlined

Sample number Azo-reducing activity grade Firmicutes-to-Bacteroidetes 
ratio

Prevotella-to-Bacteroides ratio Fusobacterium-to-
Bifidobacterium 
ratio

S1 Two 0.778 0.000067 0

S2 Two 0.867 0.005 0

S3 Zero 0.532 0.0005 0

S4 Zero 1.064 0.0009 0

S5 Zero 0.453 0.003 0

S6 Two 0.987 1.36 0.004

S7 Two 0.918 0.0002 0.001

S8 Two 1.124 0.002 0

S9 Zero 0.696 0.0002 0.002

S10 One 0.553 0.0005 0.048

S11 Two 1.254 0.009 0

S12 Zero 0.903 0.0002 0

S13 Two 1.304 0.072 0

S14 One 0.81 0.007 0.4

S15 Zero 0.494 0.00099 0.5

S16 Two 1.133 0.965 0

Fig. 2  Bean/Violin plots representing the relative abundance of core phyla (A and B) and gut microbiome biomarkers (C) among fecal samples 
of different grades of azo-reducing activity. Phyla in panels A and B are separated because of different scales. p-values of significant differences 
(p < 0.05), as assessed by Kruskal–Wallis test, are indicated above each plot. p-values of significant differences upon pairwise post hoc tests are 
indicated as well
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‘grade-two’ samples’ bimodal distribution (Fig. 2C): while 
the samples with relatively high Prevotella-to-Bacteroides 
ratio were among high-degraders, not all high-degraders 
had high ratios.

Hierarchical clustering of the samples’ composition at 
the phylum level highlights the above-mentioned inverse 
relation in the relative abundance of Bacteroidetes and 
Firmicutes (Additional file 1: Figure S3).

The significant variation in relative abundance of Bac-
teroidetes and Firmicutes among different grades of 
azo-reducing activity were tracked to lower taxonomic 
levels. At the family level, only family Bacteroidaceae, out 
of eight families under order Bacteroidales, significantly 
varied in relative abundance among the three grades 
(Kruskal–Wallis test p-value = 0.0106).

The relative abundance of genus Bacteroides, the only 
representative of Family Bacteroidaceae, was significantly 
different (Kruskal–Wallis test p-value = 0.015) among the 
three grades (Fig. 3A), with its highest relative abundance 
among non-degrading samples (median = 0.4409).

Among the different families of phylum Firmi-
cutes, only family Streptococcaceae was significantly 
variable among the three groups (Kruskal–Wallis test 
p-value = 0.0127). Finally, at the genus level, genus 
Streptococcus of family Streptococcaceae and genus 

Coprococcus of family Lachnospiraceae significantly var-
ied in their relative abundance among groups (Kruskal–
Wallis test p-value = 0.0146 and 0.0089, respectively, 
Fig. 3B).

Although their relative abundance was not significantly 
different among groups at the phylum level (Fig. 2B), Act-
inobacteria and Proteobacteria had some families and 
genera with significantly different relative abundance 
among the three grades: these are the actinobacterial 
family Corynebacteriaceae (essentially genus Corynebac-
terium, Kruskal–Wallis test p-value = 0.0302), and the 
proteobacterial genera Lautropia (family Burkholde-
riaceae) and Paracoccus (family Rhodobacteraceae)—
both with Kruskal–Wallis test p-value = 0.0302.

Hierarchical clustering of the samples’ composition at 
the genus level points out to higher relative abundance of 
genera Coprococcus, Ruminococcus, Blautia and Adler-
creutzia in samples of detectable azo-reducing activity 
(grade-one and grade-two samples). On the other hand, 
genus Bacteroides was more abundant in non-degrading 
samples (Fig. 4).

Alpha and beta diversity analyses
None of the common alpha diversity metrics was signifi-
cant different between sexes or BMI groups (Additional 

Fig. 3  Bean/Violin plots representing the relative abundance of different genera of phyla Bacteroidetes (A) and Firmicutes (B) among groups of 
different azo-reducing activity grade. p-values of significant differences (p < 0.05), as assessed by Kruskal–Wallis test, as well as post hoc pairwise 
tests are indicated above each plot
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file 1: Figures S4 and S5), while the azo-reducing activity 
grade of the samples significantly affected their diversity, 
but not richness (Fig. 5). On the other hand, analysis of 
diversity between sample groups (beta diversity) did not 
show any clear clustering pattern.

Multivariate analysis
Because of the small sample size, and because of BMI 
variations among the study subjects, we performed mul-
tivariate analysis using linear models to estimate the 
extent by which each of the measured variables con-
tributes to diversity metrics and relative abundance dif-
ferences between taxa. Specifically, we sought to verify 
whether the changes seen among Bacteroides, Firmi-
cutes, and alpha diversity are truly associated with the 
azo-reducing activity of the samples or are rather due 
to confounding factors, such as BMI (Additional file  1: 
Table S1). Azo-reducing activity was significantly associ-
ated with the relative abundance of Firmicutes and Bac-
teroidetes (p-values = 0.0081 and 0.0007, respectively). 
Bacteroidetes relative abundance was additionally sig-
nificantly affected by sex and BMI (p-values = 0.0087 and 
0.0451, respectively). On the other hand, both age and 
BMI were significantly associated with Actinobacteria 
abundance (p-value = 0.0148 and 0.0215, respectively, 
Additional file 1: Table S1).

Likewise, a multivariate analysis with the same four 
covariates vs. gut biomarker ratios singled out the Fir-
micutes-to-Bacteroidetes ratio as a significant covariate 
with azo-reducing activity (p-value = 0.0045, Additional 
file 1: Table S2).

Multivariate analysis of azo-reducing activity, age, sex, 
and BMI vs. alpha diversity indices indicated no signifi-
cant contribution of azo-reducing activity, sex, or BMI to 
sample richness, while age was only a significant covari-
ate with Chao1 index of richness. Meanwhile, multivari-
ate analysis confirmed that Simpson diversity index was a 
predictor of azo-reducing grade (p-value = 0.0329, Addi-
tional file 1: Table S3).

Discussion
The human gut contains trillions of metabolically active 
microbial cells that enrich the human gene pool with mil-
lions of genes, and their encoded enzymes. Azoreduc-
tases (expressed by several members of the human gut 
microbiota) greatly affect metabolism of azodyes, exten-
sively used in food and pharmaceuticals. Thus, the gut 

microbiota composition is expected to affect the metabo-
lism of many drugs and azodye-containing compounds, 
and administering these azodye-containing drugs/xeno-
biotics to different populations, without taking their gut 
microbiota composition in consideration, might affect 
the metabolism and bioavailability of such drugs.

In this study, the core microbiome of 16 stool sam-
ples, collected from the same neighborhood to reduce 
variations based on diet and lifestyle, was defined by 
16S rRNA amplicon sequencing. This analysis, with an 
admittedly small sample size, is intended to be a pilot 
comparative analysis of microbiome structure to relate 
gut microbial communities to their overall azo-reducing 
activity. In spite of the deluge of microbiome studies in 
the past few years, only a handful gut microbiome stud-
ies were conducted in Egypt (e.g., [22–26]), and none of 
them focused on xenobiotic-degrading phenotypes.

Early microbiome studies reported that Firmicutes 
and Bacteroidetes dominated in the gut (~ 90% relative 
abundance), but to highly variable degrees [27, 28], and 
suggested the Firmicutes-to-Bacteroidetes ratio as a sig-
nificant a biomarker for the human gut microbiota status 
[29], as the coexistence of Bacteroidetes and Firmicutes 
in the gut implies minimized competition for resources 
[30]. Another important biomarker of the gut microbiota 
status/health is the Prevotella-to-Bacteroides ratio, which 
was suggested as a predictor for successful body fat loss, 
notably on diets high in fiber and whole grain [31, 32].

In our study, the microbiome profile of the fecal sam-
ples had a typical gut microbiome signature, as Firmi-
cutes and Bacteroidetes constituted ~ 92% of microbial 
populations. A key finding of the study is that high azo-
reducing activity positively correlated with phylum Fir-
micutes but negatively with phylum Bacteroidetes. This 
might be because the genomes of Firmicutes are rich in 
azoreductase-encoding genes [4]. However, Proteobacte-
ria supersede Firmicutes as azoreductase producers; yet 
their relative abundance did not significantly or consist-
ently vary within different stool samples, which might 
be due to their lower overall relative abundance in the 
gut microbiota in comparison to Firmicutes and Bacte-
roidetes. Consequently, high azo-reducing stool samples 
had a higher Firmicutes-to-Bacteroidetes median ratio 
than low- or non-degraders.

In addition, the median Prevotella-to-Bacteroides 
ratio was higher in the high azo-reducing group, but 
did not reach statistical significance owing to high 

(See figure on next page.)
Fig. 4  Heatmap visualization of hierarchical clustering of the gut microbiota composition at the genus level. Samples are categorized according to 
different criteria and arranged according to their azo-reducing activity. Colors on top of the heatmap represent the azo-reducing activity to which 
samples belong, subject sex, and subject BMI category. Heatmap color (blue to dark red) displays the row-scaled relative abundance of each taxon 
across all samples. Clustering was based on Euclidean distances
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Fig. 4  (See legend on previous page.)
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within-group variability. Although some Bacteroides 
species are known for their azo-reducing activity 
[33, 34], while no azoreductases have been described 
in Prevotella species, Prevotella might be relatively 
enriched in some high azo-reducing samples just 
because of its inverse correlation with Bacteroides, 
whereas the actual activity was due to the members of 
phylum Frimicutes in such samples. It is often the case 
that when Bacteroides is high in a sample, Prevotella is 
low, and vice versa [35]. Another interpretation of the 
high variability in Prevotella relative abundance among 
azo-reducers, might be that an azoreductase activity 
is yet to be discovered in some Prevotella species, or 
that the activity is strain specific, and thus cannot be 
resolved by 16S rRNA analysis.

At the genus level, significant variation in alpha 
diversity was observed with the Simpson diversity 
index, while richness was not significantly different. 
This result suggests that evenness, rather than number 
of taxa is what differentiates the groups. Beta  diver-
sity of samples classified according to their azo-reduc-
ing activity (and estimated by the weighted UniFrac 
method) indicated no particular clustering patterns. 
A possible interpretation is that, although Firmicutes 
seemed to clearly have an effect on the final azoreduc-
tase activity, different genera of Firmicutes were domi-
nant in different samples, and no particular clustering 
of taxa was observed; yet, the presence of any of these 
genera seemed to encode enough azoreductases.

The Fusobacterium-to-Bifidobacterium ratio is consid-
ered as a biomarker for dysbiosis of the gut microbiota. 
Patients with colorectal cancer were reported to have a 

decrease in the relative abundance of Bifidobacterium 
coupled with increases in Faecalibacterium prausnitzii 
abundance [36, 37]. Unsurprisingly, in this study, Faecali-
bacterium species was nil in 10 samples and of negligi-
ble value in the other six samples, as all our samples were 
collected from subjects with no reported diseases (other 
than obesity in one subject).

Finally, we performed multivariate analysis of relative 
abundances of different bacterial taxa and gut microbi-
ome biomarkers with age, sex, and BMI of participants 
to rule out that the observed associations were caused 
by a confounding factor. Invariably, azo-reducing activ-
ity was found as a key player in the relative abundance 
of Firmicutes and one of the significant covariates with 
Bacteroidetes relative abundance, and consequently the 
Firmicutes-to-Bacteroidetes ratio. BMI, on the other 
hand, was a key covariate with Bacteroidetes and Act-
inobacteria. These results are in accordance with Kim 
et  al.’s report that phylum Actinobacteria was posi-
tively associated with body weight [38]. In addition an 
investigation of gut microbiota of lean and obese twins 
observed higher levels of Actinobacteria in obese sub-
jects [39]. Kim et  al. also reported that age significantly 
increased the proportions of both class Coriobacteriia 
and family Coriobacteriaceae in phylum Actinobacteria 
[38], whereas La-ongkham et  al. observed that the rela-
tive abundance of the phylum Actinobacteria in the adult 
subjects was significantly higher by approximately 2.3 
times than that in the elderly group [40]. Here, age was 
found as a significant covariate with Chao 1 richness and 
with Actinobacteria relative abundance, but not with that 
of the three other major phyla.

Fig. 5  Boxplots representing different alpha diversity metrics (observed OTUs, Chao1, Shannon, and Simpson diversity indices) among different 
azo-reducing activity grades. Significant differences were estimated by Kruskal–Wallis test, followed by non-parametric pairwise post hoc tests, and 
p-values that are < 0.05 are shown
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Conclusion
In conclusion, we analyzed the fecal microbiomes of 16 
adult Egyptian volunteers in a pilot study to relate com-
position of microbial communities to their azo-reducing 
activity. Major taxa usually associated with the human 
gut environment were observed, indicating a typical 
gut microbiome signature. Despite the small sample 
size, using multivariate followed by univariate analyses 
indicated statistically significant trends. The microbi-
ome profiling indicated variations in the Firmicutes-to-
Bacteroides and Prevotella-to-Bacteroides ratios among 
samples with different azo-reducing grades, suggesting 
the relative abundance of phylum Firmicutes as the most 
striking factor that may have affected the final azo-reduc-
ing activity. Additionally, samples with different azo-
reducing grades significantly differed in evenness.

The major limitations of this work are the small sam-
ple size and the absence of evidence of causality behind 
observed statistical associations. Future studies should 
address these limitations by analyzing larger cohorts; by 
combining and comparing samples from different human 
populations at different geographical locations, repre-
senting different diets and lifestyles; and by using animal 
models or ex vivo models of the gut microbiota to allow 
investigating causality (e.g., by experimentally altering 
the Firmicutes-to-Bacteroidetes ratio and measuring the 
azoreductase activity). Additionally, shotgun metagen-
omics, metaproteomics, metabonomics, and functional 
metagenomics strategies (reviewed and compared in 

[12]) are all likely to provide insight into the mechanism 
of microbiome members involvement in the azoreduc-
tion process.

Moreover, the results of this study highlight the impor-
tance of characterizing azoreductase-producing gut bac-
teria, notably among Bacteroides and Prevotella species, 
which have not been as studied as Firmicutes and Pro-
teobacteria, and which may have important strain-level 
variations. Such studies will help increase our knowledge 
about the fate of azodye-containing drugs or chemicals, 
and about differential human responses to them. These 
results will also guide the development of more efficient 
drugs and dosage forms, and will contribute to efforts for 
implementing microbiome testing in precision medicine 
and toxicology.

Methods
Study subjects and sample collection
Sixteen volunteers, from which azo-reducing bacte-
ria were previously isolated [7], were the source of stool 
samples analyzed in this study, and their metadata were 
recorded (Table 3). The subjects had no chronic or infec-
tious diseases, no previous history of gastrointestinal dis-
ease, and had not been prescribed antibiotics for at least 
3  months prior to specimen collection. The specimens 
were stored at −  20  °C for further DNA extraction; but 
for detection of total azodye decolorization activity, sam-
ples were used while fresh, before they were frozen.

Table 3  Metadata of volunteers from whom stool samples were collected

a Normal weight range: 18.5–24.9, overweight range: 25–29.9, and obese of 30 or greater

Sample number Age Gender Approximate weight 
(kg)

Approximate height 
(m)

Body Mass Index 
(BMI)

BMI categorya

S1 26 Female 70 1.65 25.71 Overweight

S2 20 Female 60 1.65 22.04 Normal

S3 20 Male 58 1.55 24.14 Normal

S4 24 Female 60 1.66 21.77 Normal

S5 40 Female 75 1.5 33.33 Obese

S6 33 Male 83 1.83 24.78 Normal

S7 25 Male 70 1.7 24.22 Normal

S8 24 Female 60 1.55 24.97 Normal

S9 29 Female 67 1.63 25.22 Overweight

S10 20 Female 54 1.66 19.6 Normal

S11 22 Female 55 1.7 19.03 Normal

S12 38 Female 60 1.6 23.44 Normal

S13 35 Female 60 1.47 27.77 Overweight

S14 29 Female 75 1.62 28.58 Overweight

S15 20 Male 49 1.52 21.21 Normal

S16 40 Male 72 1.6 28.13 Overweight
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Total decolorization activity of stool samples
The total Brilliant Black-decolorization activity of a 
given stool sample was determined, in 50 ml brain heart 
infusion-supplemented (BHIS) broth containing 50 µl of 
0.06 M Brilliant Black solution, by the method described 
by McConnell and Tannock [41]. The percent decolori-
zation was estimated in triplicates for each sample. The 
concentration of the azodye was determined from a 
standard curve for calibration of known concentrations 
of Brilliant Black. Samples were classified into three 
grades: grade zero or non-degraders, grade one or partial 
degraders, and grade two or complete degraders.

DNA extraction
The QIAamp® DNA Stool Mini Kit (Qiagen, Germany) 
was used for DNA extraction. The manufacturer’s 
instructions were followed exactly. DNA was initially 
quantified in a NanoDrop spectrophotometer, and prior 
to sequencing in a Qubit fluorometer (Thermo Fisher 
Scientific, Waltham, MA, USA).

16S rRNA amplicon sequencing
The yield and purity of DNA were checked in a 
Nanophotometer® P-330 (Implen, Germany) to ensure its 
suitability for sequencing. DNA was sequenced at Cen-
tros FISABIO, Valencia, Spain with an Illumina Miseq™ 
Sequencer as per the manufacturer’s instructions. Paired-
ends (2 × 300  bp) protocol was performed with the 
universal primers (341F 5′-CCT​ACG​GGNGGC​WGC​
AG-3′  and 805R 5′-GAC​TAC​HVGGG​TAT​CTA​ATC​
C-3) covering V3–V4 16S rRNA gene regions [42]. The 
amplicon library was generated by the Illumina amplicon 
library protocol (Part #15044223 Rev. A), with Illumina 
Nextera indexes (Illumina, San Diego, CA, USA). The 16S 
rRNA gene amplicons and subsequent index PCR prod-
ucts were purified with AgenCourt AMPure XP beads 
(Beckman Coulter, Indianapolis, IN, USA).

Bioinformatics analysis of 16S rRNA sequence data
Quality assessment, as well as cleaning and trimming 
were performed by FastQC [43] and PrinSeq [44] respec-
tively, to give out two cleaned fastq files for each sample. 
Cleaned forward and reverse reads were combined in a 
single contig to give a joined-reads fastq file for each 
sample. Joined sequences were analyzed in QIIME soft-
ware version 1.9 [45]. OTU picking, taxonomic identifi-
cation and phylogenetic alignment were performed by 
the  “pick_open_reference_otus.py” script based on 97% 
identity with the Greengenes database version 13.8 [46], 
and any reads which do not hit the reference sequence 
collection are subsequently clustered de novo. “core_
diversity_analyses.py” script was then performed to 

calculate alpha and beta diversity using different metrics. 
The QIIME analysis pipeline uses ‘usearch’ for chimera 
detection and low abundance cluster filtering.  QIIME 
output and taxonomic analysis data are provided (Addi-
tional files 2 and 3, respectively).

Statistical analyses
Several statistical tests were automatically performed as 
part of QIIME pipeline, and were confirmed by Graph-
Pad Prism version 9.0 software and MicrobiomeAna-
lyst web-based tool for comprehensive statistical, visual 
and meta-analysis of microbiome data [47]. The tests 
used included: multivariate analysis with linear mod-
els, ANOVA or Kruskal–Wallis tests for parametric and 
non-parametric data, respectively, and Student’s t-test or 
Mann–Whitney test for parametric and non-parametric 
comparisons between two variables, respectively).

Supplementary Information
The online version contains supplementary material available at https://​doi.​
org/​10.​1186/​s13099-​021-​00454-0.

Additional file 1. Supplementary figures (Figures S1-S5) and tables 
(Tables S1-S3).

Additional file 2. QIIME output in Biological Observation Matrix (biom) 
data format for allsamples.

Additional file 3. An Excel file with multiple sheets, representing relative 
abundance ofdifferent taxa (phyla, classes, order, family, genera).

Acknowledgements
The authors are grateful to Dr. Alex Mira, at FISABIO, Valencia, Spain, for medi‑
ating and supervising the high-throughput sequencing procedures.

Authors’ contributions
AEA and RKA conceived the study. All authors participated in the experimen‑
tal design. SZ conducted the experiments. SZ, MA-T and AEA analyzed the 
experimental data. SZ and RKA performed bioinformatics analysis. SZ and 
MA-T drafted the manuscript. RKA revised the manuscript. All authors read 
and approved the final manuscript.

Funding
RKA is funded by the Egyptian Academy of Scientific Research and Technology 
(ASRT) JESOR program, contract #3046 (Center for Genome and Microbiome 
Research). The funders have no input or interference with the content of this 
manuscript or the decision to publish it.

Availability of data
All sequences were deposited in NCBI under Project accession # PRJNA702535 
(SRA Experiments: SRX10121839 to SRX10121854), and the samples were 
assigned the Serial numbers: SAMN17974787 to SAMN17974802. Processed 
and analyzed data are provided in two additional files (Additional files 2 and 3, 
respectively).

Declarations

Ethics approval and consent to participate
All protocols were revised and approved by Faculty of Pharmacy, Future 
University Safety and Ethics Committees, Protocol Approval number # 
REC-FPSPI-2/14. According to the institutional ethical committee guidelines 
and the approved protocol, informed consent was obtained from each of 
the healthy volunteers, after the importance and benefits of the study were 

https://doi.org/10.1186/s13099-021-00454-0
https://doi.org/10.1186/s13099-021-00454-0


Page 11 of 12Zahran et al. Gut Pathog           (2021) 13:58 	

shown, and after privacy was fully guaranteed. The study presented no risks 
to the healthy volunteers, who self-collected their stool samples. No other 
sampling or follow-up was requested from the donors.

Consent for publication
All metadata in Table 3 were obtained from the volunteers, with consent, as 
indicated above. The volunteers agreed to the publication of anonymized 
data, as a part of their informed consent.

Competing interests
None of the authors have any financial or personal conflict of interest to 
declare, in relation to this work or the journal to which it is submitted.

Author details
1 Department of Microbiology and Immunology, Faculty of Pharmacy, Future 
University in Egypt, New Cairo 11835, Egypt. 2 Department of Microbiology 
and Immunology, Faculty of Pharmacy, Cairo University, Cairo 11562, Egypt. 
3 The Center for Genome and Microbiome Research, Faculty of Pharmacy, 
Cairo University, Cairo 11562, Egypt. 4 Microbiology and Immunology Research 
Program, Children’s Cancer Hospital Egypt 57357, Cairo 11617, Egypt. 

Received: 21 July 2021   Accepted: 23 September 2021

References
	1.	 Turnbaugh PJ, Ley RE, Hamady M, Fraser-Liggett CM, Knight R, Gordon JI. 

The human microbiome project. Nature. 2007;449:804–10.
	2.	 Lloyd-Price J, Abu-Ali G, Huttenhower C. The healthy human microbiome. 

Genome Med. 2016;8:51.
	3.	 Thursby E, Juge N. Introduction to the human gut microbiota. Biochem J. 

2017;474:1823–36.
	4.	 Haiser HJ, Turnbaugh PJ. Developing a metagenomic view of xenobiotic 

metabolism. Pharmacol Res. 2013;69:21–31.
	5.	 Rizkallah MR, Saad R, Aziz RK. The Human Microbiome Project, personal‑

ized medicine and the birth of pharmacomicrobiomics. Curr Pharmacog‑
enom Pers Med. 2010;8:182–93.

	6.	 Sousa T, Paterson R, Moore V, Carlsson A, Abrahamsson B, Basit AW. The 
gastrointestinal microbiota as a site for the biotransformation of drugs. 
Int J Pharm. 2008;363:1–25.

	7.	 Zahran SA, Ali-Tammam M, Hashem AM, Aziz RK, Ali AE. Azoreductase 
activity of dye-decolorizing bacteria isolated from the human gut micro‑
biota. Sci Rep. 2019;9:5508.

	8.	 Gingell R, Bridges JW, Williams RT. The role of the gut flora in the metabo‑
lism of prontosil and neoprontosil in the rat. Xenobiotica. 1971;1:143–56.

	9.	 Wilson ID, Nicholson JK. Gut microbiome interactions with drug metabo‑
lism, efficacy, and toxicity. Transl Res. 2017;179:204–22.

	10.	 Saad R, Rizkallah MR, Aziz RK. Gut Pharmacomicrobiomics: the tip of 
an iceberg of complex interactions between drugs and gut-associated 
microbes. Gut Pathog. 2012;4:16.

	11.	 Aziz RK. Toxicomicrobiomics: narrowing the gap between environmental 
and medicinal toxicogenomics. OMICS. 2018;22:788–9.

	12.	 Abdelsalam NA, Ramadan AT, ElRakaiby MT, Aziz RK. Toxicomicrobiomics: 
the human microbiome vs. pharmaceutical, dietary, and environmental 
xenobiotics. Front Pharmacol. 2020;11:390.

	13.	 Behrouzi A, Nafari AH, Siadat SD. The significance of microbiome in 
personalized medicine. Clin Transl Med. 2019;8:16.

	14.	 Kashyap PC, Chia N, Nelson H, Segal E, Elinav E. Microbiome at the frontier 
of personalized medicine. Mayo Clin Proc. 2017;92:1855–64.

	15.	 Zimmermann T, Kulla HG, Leisinger T. Properties of purified Orange II 
azoreductase, the enzyme initiating azo dye degradation by Pseu-
domonas KF46. Eur J Biochem. 1982;129:197.

	16.	 Bryant C, DeLuca M. Purification and characterization of an oxygen-insen‑
sitive NAD(P)H nitroreductase from Enterobacter cloacae. J Biol Chem. 
1991;266:4119–25.

	17.	 Punj S, John GH. Purification and identification of an FMN-dependent 
NAD(P)H azoreductase from Enterococcus faecalis. Curr Issues Mol Biol. 
2009;11:59–65.

	18.	 Bürger S, Stolz A. Characterization of the flavin-free oxygen-tolerant 
azoreductase from Xenophilus azovorans KF46F in comparison 

to flavin-containing azoreductases. Appl Microbiol Biotechnol. 
2010;87:2067–76.

	19.	 Matsumoto K, Mukai Y, Ogata D, Shozui F, Nduko JM, Taguchi S, et al. 
Characterization of thermostable FMN-dependent NADH azoreductase 
from the moderate thermophile Geobacillus stearothermophilus. Appl 
Microbiol Biotechnol. 2010;86:1431–8.

	20.	 Misal SA, Lingojwar DP, Shinde RM, Gawai KR. Purification and charac‑
terization of azoreductase from alkaliphilic strain Bacillus badius. Process 
Biochem. 2011;46:1264–9.

	21.	 Morrison JM, Wright CM, John GH. Identification, Isolation and characteri‑
zation of a novel azoreductase from Clostridium perfringens. Anaerobe. 
2012;18:229–34.

	22.	 Aly AM, Adel A, El-Gendy AO, Essam TM, Aziz RK. Gut microbiome altera‑
tions in patients with stage 4 hepatitis C. Gut Pathog. 2016;8:42.

	23.	 Labib E, Blaut M, Hussein L, Goud M, Kramer DL, Paliy O, et al. Molecular 
diversity of gut microbiota and short chain fatty acids in Egyptian adults 
following dietary intervention with fermented sobya. J Food Microbiol 
Saf Hyg. 2018;3:1000139.

	24.	 Salah M, Azab M, Ramadan A, Hanora A. New insights on obesity and 
diabetes from gut microbiome alterations in Egyptian adults. OMICS. 
2019;23:477–85.

	25.	 Shankar V, Gouda M, Moncivaiz J, Gordon A, Reo NV, Hussein L, et al. 
Differences in gut metabolites and microbial composition and functions 
between Egyptian and US children are consistent with their diets. mSys‑
tems. 2017;2:e00169-16.

	26.	 El-Zawawy HT, Ahmed SM, El-Attar EA, Ahmed AA, Roshdy YS, Header DA. 
Study of gut microbiome in Egyptian patients with autoimmune thyroid 
diseases. Int J Clin Pract. 2021;75:e14038.

	27.	 Qin J, Li R, Raes J, Arumugam M, Burgdorf KS, Manichanh C, et al. A 
human gut microbial gene catalogue established by metagenomic 
sequencing. Nature. 2010;464:59–65.

	28.	 The Human Microbiome Project Consortium, Huttenhower C, Gevers D, 
Knight R, Abubucker S, Badger JH, et al. Structure, function and diversity 
of the healthy human microbiome. Nature. 2012;486:207–14.

	29.	 Mariat D, Firmesse O, Levenez F, Guimarăes V, Sokol H, Doré J, et al. The 
firmicutes/bacteroidetes ratio of the human microbiota changes with 
age. BMC Microbiol. 2009;9:123.

	30.	 Ley RE, Turnbaugh PJ, Klein S, Gordon JI. Human gut microbes associated 
with obesity. Nature. 2006;444:1022–3.

	31.	 Christensen L, Sørensen CV, Wøhlk FU, Kjølbæk L, Astrup A, Sanz Y, et al. 
Microbial enterotypes beyond genus level: Bacteroides species as a 
predictive biomarker for weight change upon controlled intervention 
with arabinoxylan oligosaccharides in overweight subjects. Gut Microbes. 
2020;12:1847627.

	32.	 Hjorth MF, Roager HM, Larsen TM, Poulsen SK, Licht TR, Bahl MI, et al. Pre-
treatment microbial Prevotella-to-Bacteroides ratio, determines body fat 
loss success during a 6-month randomized controlled diet intervention. 
Int J Obes (Lond). 2018;42:580–3.

	33.	 Flint HJ, Duncan SH. Bacteroides and prevotella. In: Batt CA, Tortorello ML, 
editors. Encyclopedia of food microbiology. 2nd ed. Oxford: Academic 
Press; 2014. p. 203–8.

	34.	 Rafii F, Franklin W, Cerniglia CE. Azoreductase activity of anaerobic bac‑
teria isolated from human intestinal microflora. Appl Environ Microbiol. 
1990;56:2146–51.

	35.	 Gorvitovskaia A, Holmes SP, Huse SM. Interpreting Prevotella and Bacte-
roides as biomarkers of diet and lifestyle. Microbiome. 2016;4:15.

	36.	 Zou S, Fang L, Lee M-H. Dysbiosis of gut microbiota in promoting the 
development of colorectal cancer. Gastroenterol Rep (Oxf ). 2018;6:1–12.

	37.	 Guo S, Li L, Xu B, Li M, Zeng Q, Xiao H, et al. A simple and novel fecal 
biomarker for colorectal cancer: ratio of Fusobacterium nucleatum to 
probiotics populations, based on their antagonistic effect. Clin Chem. 
2018;64:1327–37.

	38.	 Kim SJ, Kim S-E, Kim A-R, Kang S, Park M-Y, Sung M-K. Dietary fat intake 
and age modulate the composition of the gut microbiota and colonic 
inflammation in C57BL/6J mice. BMC Microbiol. 2019;19:193.

	39.	 Turnbaugh PJ, Hamady M, Yatsunenko T, Cantarel BL, Duncan A, Ley 
RE, et al. A core gut microbiome in obese and lean twins. Nature. 
2009;457:480–4.

	40.	 La-ongkham O, Nakphaichit M, Nakayama J, Keawsompong S, Nitisin‑
prasert S. Age-related changes in the gut microbiota and the core gut 
microbiome of healthy Thai humans. 3 Biotech. 2020;10:276.



Page 12 of 12Zahran et al. Gut Pathog           (2021) 13:58 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

	41.	 McConnell MA, Tannock GW. Lactobacilli and azoreductase activity in the 
murine cecum. Appl Environ Microbiol. 1991;57:3664–5.

	42.	 Klindworth A, Pruesse E, Schweer T, Peplies J, Quast C, Horn M, et al. 
Evaluation of general 16S ribosomal RNA gene PCR primers for classical 
and next-generation sequencing-based diversity studies. Nucleic Acids 
Res. 2013;41:e1.

	43.	 Babraham Bioinformatics—FastQC a quality control tool for high 
throughput sequence data. https://​www.​bioin​forma​tics.​babra​ham.​ac.​uk/​
proje​cts/​fastqc/. Accessed 9 July 2021.

	44.	 Schmieder R, Edwards R. Quality control and preprocessing of metagen‑
omic datasets. Bioinformatics. 2011;27:863–4.

	45.	 Caporaso JG, Kuczynski J, Stombaugh J, Bittinger K, Bushman FD, Costello 
EK, et al. QIIME allows analysis of high-throughput community sequenc‑
ing data. Nat Methods. 2010;7:335–6.

	46.	 DeSantis TZ, Hugenholtz P, Larsen N, Rojas M, Brodie EL, Keller K, et al. 
Greengenes, a chimera-checked 16S rRNA gene database and work‑
bench compatible with ARB. Appl Environ Microbiol. 2006;72:5069–72.

	47.	 Dhariwal A, Chong J, Habib S, King IL, Agellon LB, Xia J. MicrobiomeAna‑
lyst: a web-based tool for comprehensive statistical, visual and meta-
analysis of microbiome data. Nucleic Acids Res. 2017;45:W180–8.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub‑
lished maps and institutional affiliations.

https://www.bioinformatics.babraham.ac.uk/projects/fastqc/
https://www.bioinformatics.babraham.ac.uk/projects/fastqc/

	Compositional variation of the human fecal microbiome in relation to azo-reducing activity: a pilot study
	Abstract 
	Background: 
	Results: 
	Conclusions: 

	Background
	Results
	Total decolorization activity of stool samples
	Microbiome analysis
	Microbiome profile and gut microbiome biomarker ratios
	Compositional variations in relative abundance of key taxa and gut microbiome biomarkers in relation to azo-reducing activity
	Alpha and beta diversity analyses
	Multivariate analysis

	Discussion
	Conclusion
	Methods
	Study subjects and sample collection
	Total decolorization activity of stool samples
	DNA extraction
	16S rRNA amplicon sequencing
	Bioinformatics analysis of 16S rRNA sequence data
	Statistical analyses

	Acknowledgements
	References




